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Why Geo-location?



The Making Of Enterprise Data



Geotag Feature

 



Tweet Delivery Path
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Core Services
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Core Services
biolocation string, timezone
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Geonames



struct GeoEntity {  
  1: required string entity_id      // unique ID of the entity from the geonames dataset 
  2: required string display_name   // something like: Boulder, Colorado, United States  
  3: optional GeoPoint geo_point    // center point of the geonames entitiy  
  4: optional string timezone       // time zone name. string from the TimeZone java util  
  5: optional string country_code   // ISO  value representing the country  
  6: optional string region         // usually state or province (US and Mexico)  
  7: optional string sub_region     // next largest admin division, adm2 from geonames  
  8: optional string locality       // incorporated city or town political entity  
  9: optional i32 population  
}

Geo Entity



Profile Geo Candidate

struct ProfileGeoCandidate {  
  1: string geoEntityId     // refers to a GeoEntity
  2: optional GenesisTweet genesisTweet // tweet containing bio location string
  3: optional LocationMetaData metaData



String Normalization
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Profile Geo Enrichment Service
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Selection Heuristics

Matches on a major 
city, population  

> 200,000

Best time 
zone match

Candidate closest to 
lat long of request 

within 100 km 

Best country match

Matches exactly on 
the country name 

Highest good to bad 
user metadata ratio 

Highest relevance 
score > 80

Highest relevance



Training Model
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Lat Long Matching
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Match Popularity 

KEEP TRACK OF USERS 
TWEETING WITH THE  
SAME BIO LOCATION

COUNT GOOD MATCHES

COUNT BAD MATCHES FILTER WITH RATIO 
METADATA



good / bad ++good ++ / bad

EXISTING CANDIDATES

Update Good And Bad Matches

bio location: “murica” 
geo entity: 57839

NEW CANDIDATE

bio location: “south 
america” 

geo entity: 63584

bio location: “america” 
geo entity: 57839



User Country Model

Country Code

User Id: 3249 
“KR”
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Candidate Filtering

“Birmingham, AL vs Birmingham, UK”

PROFILE GEOUSER COUNTRY



Read Path

Full archive 
search Historical



Model Evolution



LESSONS 
LEARNED

Location Prediction is Not Easy 

Hard to Test Accuracy 

Many Use Cases
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